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(C)-T 35#< B fi<® ¥ (D) Fdie<® > ¥e<-T 358k
3% * MR BRI R AR BHCR T PR A B R ekt T AR F 1 R 2
(A)F 7 i ¥4 8 S (B):& % i %302 8 28k
(C)F it % 3t ~ |3+ & %302 48 2 #kc (D)@ # i |+ 4 24
4. %A2BEIH=E % > 4 P(A)=0.65% P(ANB)=0.26 A PAUB) 2 & % i ?
(A) 0.35 (B) 0.4 (C) 0.48 (D) 0.79

5. %-BR&me z3BAHI - BAHFIIAT i ing Sk~ F 2 BARFORT gk 2
FZBAHFFART AR CRTRRREENREG 5O
(A) 12 (B) 15 (C) 20 (D) 60
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(A) Ho: p>240 Ha: n <240 (B) Ho: n=240 He: p > 280

(C) Ho: pu>240 Ho: <270 (D) Ho: n<240 Ha: p>240
TR X g Fapadics f(X)=X/15 forX=2,3,40r6c £3X+4cnfh ¥ g 5 @ ?

(A) 13 (B) 15 (C) 17 (D) 20
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(A) 0.255 (B) 0.333 (C) 0.49 (D) 0.665
0. B *tif & )i:%ﬁ ¥ (goodness of fit test) » = 7| 4t e K L £ ?
(A)x j«‘”fi H_= E ¥ T (lower-tail test) (B) - i& 8+ k& T (upper-tail test)
(C)x:& T;rs _#F & & 2 (two-tail test) (D) & % ¥ =
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Tef R a(Y) 8 p REEX) TR TR 7 E st a4t o A reanie s LG
>X=90,%Y =170, SSE=505.98,n=10,
Z(Y-?)(x-:?;)=466,z(x-?e:)2=234,2(v-?)2=1434

Tl F Y

(A) SSR (sum of squares for regression)=928.02 (B)#p i %< 5 0.8045

Clm jFamz A Fip-E 5 2.89 (D)#) =_% 8 i 0.6472
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(A)E ¥ "ifg’%c 1~ 4 8FR" 60~ (B)H # "iﬂ‘g’ﬁ 1~ 48 g "> 52~
CE B = H4e 1~ s8> 8000~ (D)EBFH4 1~ 483" 52000 ~
XA-B-C:i¥ A7 RS2 =% *A-B-~-Cip=%# e xPA)=04>P(B)=04>
P(C)=0.2 » £P(AUB)NC)z & % = ?

(A) 0.032 (B) 0.072 (C) 0.128 (D) 0.288
B H st w A 4e e o ¢ ASSE=500 » SSR=300 » 31 2| % 4 #R? 5 fr ?
(A) 0.167 (B) 0.375 (C) 0.600 (D) 0.625
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(A)% ] (B) % = (C)7 % (D) i > #7
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(A)dp dae e (B)¥ &~ (C)" Atrmpe (D)= 7~ pe

3 428kF G1=(799,7,5) ~ G2=(7,6,5,6,7) ~ G3=(6,6,6,6,6) ~ G4=(34,5/4,3) > 3 vi— ‘e FleR it X
B9

(A) G1 (B) G2 (C) G3 (D) G4

Bode Pyy 277 EH FEXACY 4 B Gl RIS IE AR

(A) Py =0 27 X oY = (B) Pxy TILF DX 4 Y F 2hsir e b
(C) -1=<pyy <1 D) pxy=1#s =2 f 1pM
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(A 4 B %k B)7 4 J SIp E

(C)7 & I ¥Rt & (critical value) (D)7 4 ¥ 2+ (power)
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W

(A) 0.5642 (B) 0.75 (C) 0.8125 (D) 0.9215
T 7w J‘Ff * 2 jElJ”F?‘ L L AR B st § 9
(A) Fdc (B)t#R2 £ (C)xE (D)% £ #

SR BA08 S Bk A TIOBA602 T o AR EES 1225 2 720 & vty =20
tigoos =17 » F* M T 3082 95% I H A 5 TR E 2
(A) (58,62) (B) (58.3,61.7) (C) (59,61) (D) (59.15,60.85)
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23— £ 410 A f 0 #0 F(E i FA)Au S 15,2,6,8,56,7,5,12,4 - 3K ¢ i e

(A) 5 (B) 6 (C) 65 (D) 8
24, - B Affrig S A2 B AR ML N AN RBP oL T RAEE ?

(A) = 7 mg;_,' &R/ 3 0.5 (B)= # e o Jp < 32 0.5

(C)F = sk pho 3% o= (D) 8 % i § ch

25. M ANOVAE Az~ 47 K p AR * WenF4l > A wld 5 B2 4 1 o 30 B EEF E ik & o L pF
¥ T 4rE o F ffh @ (critical value) » H 232202 thpd BAR G TomE ?

(A) 3 30 (B) 4 £ 30 (C) 4 120 (D) 3£ 116
26. T 7| i@ «‘ﬁ *EH R fﬁ,ﬁ‘» (dimensionality reduction)z_ = ;% ?

(A) Random projection (B) Principal component analysis (PCA)

(C) Clustering algorithms (D) Classical multidimensional scaling (cMDS)
27. 7 W Hadooperdgn i 4p & #1792 ~ % > T 71 fa;g’ﬁ A

(A) Big Table (B) Hadoop MapReduce

(C) HDFS (D) HBase

28. T F|iE AR ® ﬁ 7 ¥ Big Dataz_ Jig * H i ?

(A) Google * 124531 Web(index Web) 2 jis

(B) Facebook * 1ri:x = 4+ % Rl (build social graph)z- 4 ji=

(C) Netflix * r24& & 7 8%(recommend movies)z_ 3

(D)+- 475 (Bitcoin) * y255fF f f52 W% ¢ 2 P
29. Gartner Group*+2012# ¥ & F € T 75 # 3Venir it » T 5l o ¢ 5 357

(A) £ 2 (Variation)  (B) % % i+ (Variety)  (C) 42+ % £ (Volume) (D) % 7 :# (\Velocity)
30. & % Endsley(1995) 4 ¥ i i i #2.#F3% 1 ek % (Situation Awareness) i3] # i 4 ﬁ ey
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1. TR K EE TR DT AR AT
(A) HIVE (B) RDBMS (C) HDFS (D) Spark

32.GB~PB-TB-EB: 4T s £l x> FiaF Bd A 2 [ A > Tolle ¥ I FE?
(A) PB>TB>EB>GB (B) EB>PB>TB>GB (C) PB>EB>GB>TB (D) TB>EB>GB>PB
33. 7 MK- means% #¥ (clustering);# & i2 - T A it F 7
(A)# #% # 4p i B Jp] & (dissimilarity measure) 7 @ » 32if & £ * K-means j# & i
B)F - LFHF > * Kmeansig &2 ~#EA x> P T332 P2 A HEESE
(C) K-means i & ;2 ehp 4% & B3 e p naud 1 Gi{ed 75
(D) K-means ;# & i2 chp 8¢ & B3 F2 353 F L Bfrd Flh 4

34.F B FALSATTAI TR 3 LA T TR R KR 7

(A) CSV (B) XML (C) JSON (D) TIF

35. 7 7w & 7 £ >t NoSQLAF A en #2575 2
(A) MongoDB (B) CouchDB (C) Redis (D) MySQL

36. % HHEA TR B A BB RIBAY § O EL T L TR T AR ?
(A) Fopta (B) 7 A 4e (C) PRk D)F+ 4%

7. BB R TN I me L SRS DR 7L TR T A S SRS B2 R
LA T APR- B E o j\#ﬁ,\p&&é,” 7 ?
(A) Google Analytics (B)p & st (C) Googled& % (D) #ixPower BI

s 8 2P RFHMS £ 3F £ 47 (7 g g ]



38.
39.
40.

41.

42. =+ %

43.

44,

45.

46.

47.

48.

49.

50.

:"&‘

Tw%—mﬁ%%*rféﬁﬁ S AT RS 7
WFRETE  @RFERTE OEBRCTE O TR

WA aprioriB 2 RIFE 2 > AP HER RS EFRETHES 22T ?
(Mxﬁﬁ‘wﬁﬁ»(&ﬁai‘nﬁE,(Qﬁ%2‘$FE (D)o ~ 47 fe ik

TAFR R 5 AT T4 (Structured Data) ?

ME2EFHE @RSAITE  CRFFLOFE  ORHEHG T
MAETL= BH Fehprgx > 2 &> T 5] Jﬂz T FE?

(A) Extraction, Transport, Loading (B) Extraction, Transform, Loading

(C) Export, Transform, Loading (D )Extraction Transform, Lifting

PR LAY F R - DFRE R S SR AR R s
BT SR BIEIE Q

%
AERFFHEFFELI S IATHENE BRI FTEFPFERET 321
O FEs I FE7 sl D)# 3 FTH%E 2pEx+ 2727 Tl
MYEEFHARS Y RY IDEHLITFLZEMEL > T AR PR
(A) partitioning method (B) hierarchical method
(C) density-based method (D) bellman-ford method

”Pﬁumﬁ% FORULTT LRI OF A AT S AR i QR e @?1‘ A Y B3R
2 @7 ’l{%"b’ﬂ@% #%F?EEE 7L E i (pipelines)sh /28 B 42 B 0 T 5w K B AR D

(A) ®@®GO (B) ®@0O® @)@@@@ (D) @®@BGO

BRK BB~ 0 — i 7 7 50004 & okl en Ho m;ﬁl Wi e BT HE 2P ~ B
Bos 2 EEE pé‘“Fve LL*E&;,&&R%"“”"“’"‘% K s}]{f“?

(A)= & vector (B)+&"L matrix (C) N 11 %E—IE data frame (D) ® 7 list
MapReduce®_# Google#7#& ! ch— B E & FTALE D 45 > 33K T 5[vi- BiER LA EERE
HEETORLER ~ 1 02 A 2

(A) ¥ fls(Map)— . 4 (Reduce)—#t & (Sort)— & & (Merge)

(B)#kﬁ(SOrt)ﬁﬁﬁ 4 (Reduce)— & & (Merge)— ¥t & (Map)

(C) & # (Merge)— ¥t Jis(Map)— i  (Reduce)—# A (Sort)

(D)# fs(Map)—#* & (Sort)— & & (Merge)—# 4 (Reduce)

BT TR T At e D

(A)tﬂﬂ@'“’ * Ry “*%ﬁxxr"‘*m‘ ﬁ;; PREB)FTHERE FEGF 2 ATREAE 2

(OF = I0ES %&mm FET K ORECT Y kKR B EaER
FR TR ﬁ % »+173 EB(Exabyte) ?

(A) 1024 PB(Petabyte) (B) 1024 TB(Terabyte) (C) 1024 GB(Gigabyte) (D) 1024 ZB(Zettabyte)

B 3Pythonsg 5 engdd > ™ Ficit e 5 3% 7

(AL 51T % 4 5 (B)E & F AL A 7 22 ALE 1 8 Bl 4t 4

C)VE»t - AF Lt ENE3 D) & § @& *

TG MR ? 3 (Deep Leaning)x gt o P E G 2

(A)FRE YA SR ;f 43 % ¢ &k (hidden Iayers) ek e B 3EA K 4 B (Back-Propagation Net)

(&mﬂmﬁﬁﬂ ﬁaw?mﬂﬁﬁm&émaﬁiéﬁmiiﬂ%
(C)% 4 5 4§ (Convolutional Neural Network, CNN) E_#% B AR AF 38 e § secim R B ¥V g B2 o
(D)AlphaGoi & & # * ;xp § ¥ ¥ 2 & 5 & + B AHE= (Monte Carlo tree search » MCTS)i# &

E R o



