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(- )i * A 1 4 E (Artificial General Intelligence, AGI)
(= )% & * 1 97 £ (Artificial Narrow Intelligence, ANI)
= )& 3" & ¥ (Supervised Learning)
(z )3 i 8 ¥ (Reinforcement Learning)
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d?y(t) dy(t) _dx(t)
T 10—+ 24y(t) = —— — 24x(1)

(- )i R H #3508 G(s)=Y(s) / X(s) °
(= ):# K H =9 F¢ 2% (unit-step response) °
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